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siekiant paziatréti automobiliy ekonomiskuma ir ekologiSkuma

2 Darbo tikslas (Hipotezé)

2.1 Patikrinti ar BMW markés automobiliai yra labiau ekonomiski bei ekologiski nei

Volvo

3 Darbui reikalingy pakety importavimas

BMW ir Volvo tarsos mokestis
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4s = volvos[['Model Year','L/180']]
In [28]: import pandas as pd Jos
pd.set_option( display.max_columns’, 15@) ives = volvos.groupby('Model Year®)['L/10@"].mean()
T - ? slvos
d.options.mode.chained_assignment = None
o oprions mone. nsines assig 10.1 BMW tiek kuro sgnaudy lygiu tiek tarSor e - eies e e e
volvos.reset_index(inplace = True
inport matplotlib bei tarSos mokestis yra mazesni) o nuo 2017
}mpor‘t matplotlib.pyplot as plt e T
import seaborn as sns
from sklearn.linear_model import LinearRegression 10 2 V I b n t d O 5 ED
. olvo metams begant sanaudas sum T 200 1onie
ml 2 2011 9.156302
b 3 2012 8862534
4 Duomeny sukélimas j Jupyter 4 2 swow
10.3 Senesni Volvo varikliai buvo dide R
In [8] deg = pd.read_csv( C:\\Users\\HP\\OneDrive\\Stalinis kompiuteris\\Data Project\\Fuel\\@9tst - v @ 205 BEIEZ
des.hezd(16) BMW, taciau nuo 2015 mety Volvo gar 7 s o
. g e V.
- 8 2017 7559668
out[61: kuriems reikia maziau kuro.
o Vehicle Veh Represented Represented  Test Test Veh TestVeh . . iroe - ¢ 2018 6863009
In[ ] plt.rcParams['figure.figsize'] = [12, 5] sjungiamos ! Vienq
In [55]: /8,d11,d12,d13, 1)
volvo.plot(color = 'b',title = "BMW ir Volvo sgnaudos’',x = 'Model Year', y = 'L/1€@'),bmw.plot(coler = L[]
L=plt.legend()
L.get_texts()[8].set_text( Volvo')
L.get_texts()[1].set_text('Bmw') Veh Represented Represented Test Veh Test Veh
¢ M Test Veh Test Veh Test Vehicle ID Configuration Displacement A"#:;Te:j‘sd Ve'T"“e HDMRS'W”
le Code Make Model # L tgroup ype P
BMW ir Volvo sanaudos Audi ADX AUDI o arrae 93UF-CAQ 1 2995 OADXVO303UF  Car
100 — \blvo
. Audi ADX AUDI QUATT;\S 93UF-CAQ 1 2995 DADXVO303UF  Car
95
90 Audi - ADX AUDI DUATTF:‘S‘ 93UF-CAQ 1 2995 OADXVO3.03UF  Car
85
2 Audi - ADX Audi Qs 93UC-Q5A 0 3179 9ADXT03.23UC T 2010 2012 014 016 2018 2020 2022
80
i 2009 Audi ADX Audi Qs 93UC-Q5A 0 3179 SADXT03.23UC x_predict - np.array([2023,2024,2025])
x_predict = x_predict.reshape(-1,1)
x_predict
e a2 - pd.concat([d14,d15,d16,d17,d18, d19,d20,d21,d22]) P
a2
2010 012 018 016 018 2020 array([[2023],
Model Year [2@24],
Vehicle Veh Represented Represented Test Veh Test Veh 2825
Mgg:’! Manufacturer Mfr Test Veh Test Veh Veh\:\Teels[: Configuration Displacement Ar"#:g;f;ig [ ]] )
In [56]: dfl = lentele.groupby(['vehicle Manufacturer Name','Model Year'])['C02 Tax Name Code Make Model # (8]
df1 44]: y_predict = model.predict(x_predict)
0ut[56]: Vehicle Manufacturer Name Model Year y_predict
Audi 2009 53.750000 0 2014 astonmartin ASX Aston Martin DBY 143TT1042 5.000 DASXVO5,
2810 157 5g2a18 /[134]: array([6.38665536, 6.1588281 , 5.01498484])
2011 195.2142886
2012 199, 608795 1 2014 astonmartin  ASX  Aston Martn DBY 143TT1042 5000 DASY
2013 208.022727 In [135] plt.scatter(X,y)
ve plt.plot(X,prediction, 'r')
aston martin 2017 265.500008 2 2014  astonmartin  ASX  Aston Martin VANTAGE 21071241 4700 P ne\u_vclvo = np.ar‘ange(ze22,2925) _peshape(_i,l)
2018

255.0800060

plt.plot(new_volvo,model.predict(new_volvo))
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